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SUFFICIENT DIMENSION REDUCTION RIDGE RECOVERY HARTMANN PROBLEM
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Dimension reduction subspace (DRS):

Ridge subspace: Sliced Inverse Regression:

For A € R™*", n < m, a dimension reduction subspace is
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Sliced Inverse Regression (SIR): y Il x|ATx — y = g(A'x).

Cov [E |x|y]] Sliced Average Variance Estimation:

Sliced Average Variance Estimation (SAVE): We define the central ridge subspace to be a subspace S¢x) such that
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. for SIR, compute

Csave = /(I —2(y))* dy(y)
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